Quick and Dirty Guide to Scenes Data

By: Chris Graziul, Fall 2008

Updated:  Eric Rogers, March 2009

Contents

1. What Is a Scene?

2. Getting a Performance Score (Business Census)

3. DDB & Yellow Pages Scenes Dimensions

4. Bliss Points**

5. Factor Analysis of Scenes Dimensions**

6. Codebook for Scenes Variables
What Is a Scene?

The Performance Score is a measure we have constructed by applying a new analytic framework to both data on the spatial distribution of amenities as well as data from the individual level DDB survey.  By conceiving personal experience as a consumptive activity, our theory of scenes represents an attempt to categorize and quantify these experiences in a meaningful way.  Broadly understood, physical locations have a particular ‘scene’ which represents the experience it provides to individuals.  A scene is a holistic entity that in itself appears unique to each location, but which we disaggregate into particular kinds of experiences according to the amenities present.  In this manner, we create measures which allow the experiences of particular locations to be compared to each other.  

The measures we have created are broken into three analytic categories: Legitimacy, Theatricality and Authenticity.  Each corresponds to a category of sensation which an individual seeks to satisfy through the consumption of a particular kind of experience.  Roughly, the legitimacy of a scene is the extent to which it makes an individual feel right, feel that the experience is normatively good.  Conversely, the authenticity of a scene is the extent to which it makes an individual feel real, feel engaged in the experience.  Finally, the theatricality of a scene is the extent to which it makes an individual feel beautiful, feel that the experience is aesthetically pleased.  We consider these three kinds of feelings to represent a schema for understanding and organizing the psychological needs that arise when individuals become increasingly concerned with post-modern values.  

There is an important distinction to be made, however, between the scene, its affect on an individual and that individual’s preferences.  We consider a scene to be a relatively stable entity which individuals choose to experience.
  Individuals judge the scene of a location by comparing the fit between how they prefer each of the three above desires to be satisfied with the options for satisfying these desires that a particular location provides.  To use a metaphor, scenes which fit well enough with an individual’s preferences are ‘bought’ from the ‘store’ while those which do not are left on the shelf for others to consider ‘purchasing’.  In this case the store is the set of all locations in the United States, and the currency is an individual’s free time combined with economic status.  In other words, to the extent that people are free from material burden they are ‘rich’ and can thus afford to choose the location in which they spend most of their free time based on their preferences for satisfying psychological needs.  To the extent that they are economically limited they are forced to choose from a smaller, ‘cheaper’ selection.  This smaller selection is in some part geographically determined by locations which are physically close (and thus inherently financially cheaper to choose) but also in part by other social factors which lower the cost of migration.
 Our goal then is to understand scenes under the assumption that these financial limitations are minimal.  Keeping this supermarket analogy in mind, we now turn to the quantitative measures we constructed for analyzing scenes and individual preferences.   

Beginning with our concepts of Legitimacy, Theatricality and Authenticity as representing three fundamental aspects of psychological need, we had to determine quantifiable measures for different ways of satisfying each.  In our scenes supermarket, these three dimensions are akin to the physical characteristics of a food product – color, taste and texture, for example.  Unfortunately there are no natural descriptors like ‘red’ or ‘sour’ for our scenes characteristics, so we had to create a suitable classificatory system for each dimension.  This resulted in five measurable sub-dimensions for each of Legitimacy, Theatricality and Authenticity.
  Below is a table which briefly describes these sub-dimensions:

Table 2. How We Measure Scenes
	Dimension
	Sub-Dimensional Measure
	Brief Description

	Legitimacy

“feeling right”
	Traditionalistic
	Safety through traditional institutions and activities. 

	
	Self-Expressive
	Self-actualization through the ability to express individuality both among others and on one’s own. 

	
	Utilitarian
	Satisfaction through the efficient completion of goals.

	
	Charismatic
	Authority stems from the particular characteristics of an individual or group of individuals.

	
	Egalitarian
	Fulfillment through deference to the good of the group.

	Theatricality

“feeling beautiful”
	Neighborly
	Enjoyment from the navigation and performance of local personal ties.

	
	Formal
	Social mores and proper action as satisfying in themselves.

	
	Exhibitionistic
	Pleasure from acts and activities involving display.

	
	Glamorous
	Contentment from being part of the “big show”.

	
	Transgressive
	Delight in breaking the rules, in ignoring social norms.

	Authenticity

“feeling real”
	Rational
	Means-ends thinking as a way of ordering reality.

	
	Local
	The people and places around an individual constitute a uniquely safe and desirable frame of reference. 

	
	State
	The nation-state as central to life.

	
	Corporate
	Standardization and interchangeability of experience provides comfort.

	
	Ethnic
	Heritage as the primary form of self-identity.


Each sub-dimension is to be understood in a slightly different sense than one would understand physical characteristics such as color or taste.  Rather than existing in a strictly positive sense (i.e. something is either red, reddish or not red) each sub-dimension has a positive and a negative sense.  For instance, Formalism can be positive, representing a highly formal scene, or it can be negative, representing an informal scene.  This is reflected in the way that amenities were treated quantitatively.  Each amenity is associated with what we call a scenes profile which is a scoring of how it impacts a location on the 15 above variables. Using these profiles we computed the Performance Score for each sub-dimension at each geographic location.  The details of this process, as well as how profiles were created, may be found in Appendix A. 


We understand that it is at first difficult to consider experiences using this paradigm.  Considering the supermarket analogy goes a long way to help in this matter.  So long as one remembers that sub-dimensions represent characteristics of the ‘product’ rather than the product itself a great deal of confusion may be averted.  On an analytic level, this distinction provides a great deal of leverage concerning the accuracy of our method.  While we have created only three categories of psychological satisfaction with only five descriptors for each, the fact that these 15 measures represent descriptors rather than real things means that even if our chosen descriptors are incomplete or malformed we may add to or modify them when necessary.  

For instance, Kellogg may find that the price per volume of their cereal products is a relevant characteristic when individuals choose which cereal to buy.  This does not necessarily negate the importance of other characteristics of their product, but represents a new consumptive variable.  In a similar manner, we expect that the choice by individuals to experience particular locations (buy a product at the scenes supermarket) may not involve the same characteristics or descriptors we have theorized.  Again, this does not necessarily negate the importance of our current paradigm, and it certainly does not negate the utility of our approach.  In fact, in Appendix A we explicitly state how our method may be expanded to include new measures, as well as other amenities beyond the 143 used in our current computation of Performance Scores.  

Getting a Performance Score (Business Census)
To create scene profiles we asked a small number of individuals to use a specific definition of each scene sub-dimension to score amenities on a scale of 1 to 5. A score below three indicates that the amenity has a negative impact on that particular kind of experience, one being the most negative impact possible.  Conversely, a score above three indicates that the amenity has a positive impact on that particular kind of experience, five being the most positive impact possible.  A score of three indicates that the amenity had no affect either way on that sub-dimension. At least three different individuals scored all 143 amenities we were interested in, with the average score on each sub-dimension representing the scene profile of an amenity.

For example:

	PNAC
	d11i
	d12i
	d13i
	d14i
	d15i
	d21i
	d22i
	d23i
	d24i
	d25i
	d26i
	d31i
	d32i
	d33i
	d34i

	 453920
	3
	4
	2.25
	4
	3
	3
	3.33
	3
	3.75
	3
	2.33
	3
	3
	2.75
	3


Here, PNAC is the Census’ NAICS industry code for art dealers.  The variables d11i, d12i … d34i represent different scenes sub-dimensions.  For example, it appears that the existence of an art dealer seems to bolster the self-expressiveness (d12i = 4) of an area while reducing its utilitarian experience (d13i = 2.25).  Thus we were able to produce a table of PNAC codes and scene sub-dimension scores which we could match up to the Economic Census data we had obtained.  To consider an additional amenity, one needs only to add its PNAC code and scene profile to this table.  


Performance Scores represent a standardized measure of a location’s scene profile.  In other words, it is the average experience presented to an individual.  We obtain its value through a three step process.  First, we determine the total number of each coded amenity within the geographic area of interest – typically between one and a few dozen.  Second, we multiply this number by the amenity’s sub-dimensional scores (its scene profile) to produce an Intensity Score for each sub-dimension.
  Next, we sum these Intensity Scores across the amenities within this location – this ranges from a single type of amenity up to, for example, the 143 kinds of amenities we have coded scene profiles for from the Economic Census.  Finally, the Performance Score along a particular sub-dimension is this summed value divided by the total number of amenities within the area of interest for which we have coded a scene profile.  Essentially we sum sub-dimensional scores across the same kind of amenity, then across all kinds of amenities, and divide the result by the total number of coded amenities.  In an effort to demystify this process, consider the following simplified example:

Consider that a hypothetical town in New York, call it Normal. Normal, NY has two historic sites, three gas stations and the area’s chapter of Amnesty International.  Now, we have no scene profile for gas stations and so we must discount them entirely, keeping in mind that we can revisit this decision if we believe it to impact the research question at hand.  Next, let us attempt to determine the Traditionalism Performance Score for Normal, NY. From our table of scene profiles, we know that historic sites score 4.5 on Traditionalism while human rights organizations score 2.75 on Traditionalism.  Noting that with the exclusion of gas stations we have three total amenities, the Performance Score is computed as such:


[image: image1]
For bulk computation of Performance Scores we implemented this process using an SPSS macro.  All syntax are available upon request from Chris Graziul (graziul@uchicago.edu). 

Cultural Diversity Index (CDI)

From Tim Hotze ch.3 draft:

Much of how a place feels is not dependent on any singular value, but rather, on how values work together, if they are diverse or focused.   Take, for example, Times Square in New York, where walking along a single block, one might encounter hippies, yuppies, preachers and agnostics, self-expression at one turn and corporatism at another.  To understand where and when this occurs, we have created a composite measure known as the Cultural Diversity Index (CDI), which measures whether the values in an area are spread or focused.  Mathematically, the CDI was created by taking the average of all of the Coefficients of Variation from each of the 15 dimensions.

DDB & Yellow Pages Scenes Dimensions
In addition to creating Performance Scores from the Census of Economics data, two other sets of scenes dimensions have been computed.  

One set makes use of the amenities listed in online Yellow Pages directories, coded and computed by a mechanism very similar to that described above  (I THINK?  THIS NEEDS TO BE FLESHED OUT.)
A third set was created by Jae-Mahn Shim and Dan Silver using individual attitudinal and behavioral survey responses from the DDB, a database of marketing survey responses.  The following SPSS syntax was used to create these scores; for more information about the components that went into them, see the DDB Codebook (LINK – NOT ON WEBSITE YET).  The labels of these variables are in the codebook section, next in this document.  NOTE that DDB performance scores are always at the county level; the other two sources are available at both ZIP and county levels.

06 suffix 
= Scale from 0-6 (was 1-7)

(-2, -1 0 1 2) 
= Rescaled Scenes measure score (was 1 2 3 4 5)

COMPUTE SpxMTtrad22nn = *(-1), visdiff06*(-1), livemarr06*(-2), abortion06*(-1), golf06*1, greeting06*1, home06*1, mensmart06*1).

= mean.12(church06*1, classic06*1, boss06*2, buyamer06*1, fambreak06*1, famdin06*1, womplace06*1, lookdiff06*(-1), womenlib06*(-1), routine06*1, changing06*1, oldfash06*1, sametown06*2, routdist06*1, gooddays06*2, preslife06\

COMPUTE SpxMTse22nn = mean.13(poprock06*1, visart06*1, anyfun06*1, lookdiff06*2, womenlib06*1, boss06*(-1), cultures06*2, homebody06*(-1), oldfash06*(-1), preslife06*1, routine06*(-1), selfproj06*1, tryonce06*2, visdiff06*2, camping06*1, changing06*(-1), classic06*1, clubmeet06*1, dress06*1, govtv06*(-1), livemarr06*1, mensmart06*(-1), police06*(-1), routdist06*(-1), sametown06*(-1), smoking06*(-1)).

COMPUTE SpxMTegal22nn = mean.9(volunt06*1, abortion06*1, womenlib06*2, boss06*(-2), womplace06*(-2), cultures06*1, mensmart06*(-2), bigcomps06*1, buyamer06*(-1), church06*1, commproj06*1, extras06*(-1), letter06*1, police06*(-1), pollut06*1, recycle06*1, unions06*(-2), visdiff06*1).

COMPUTE SpxMTutil22nn = mean.17(beerbar06*(-1), bowling06*(-2), camping06*(-1), cards06*(-1), classic06*(-1), dinparty06*(-1), enthome06*(-1), golf06*(-1), movies06*(-1), poprock06*(-2), softball06*(-1), skiing06*(-1), sporting06*(-1), tennis06*(-1), visart06*(-2), pollut06*(-1), drink06*(-1), latework06*2, plans06*(-1), relax06*1, savemon06*(-1), selfproj06*1, workhard06*1, abortion06*1, abroadim06*(-1), advice06*1, anyfun06*(-1), buyamer06*(-1), church06*(-1), mensmart06*(-1), picnic06*(-1), smoking06*(-1), unions06*1, womenlib06*1).

COMPUTE SpxMTchar22nn = mean.4(church06*1, classic06*1, movies06*1, poprock06*2, visart06*1, camping06*(-1), sportstv06*1).

COMPUTE SpxMTneigh22nn = mean.12(CARDS06*1, CLUBMEET06*1, COOKOUT06*1, GREETING06*1, PICNIC06*1, SOFTBALL06*1, INFLUENT06*1, VISFRD06*1, CHURCH06*1, commproj06*2, honest06*1, sametown06*1, visfrd06*2, beerbar06*1, bigcity06*(-1), camping06*1, dinparty06*1, enthome06*1, fambreak06*1, movies06*(-1), willmove06*(-1), brandadc06*1).

COMPUTE SpxMTform22nn = mean.7(CHURCH06*1, GOLF06*1, VISART06*1, CLASSIC06*1, DRESS06*1, CAMPING06*(-1), POPROCK06*(-1), boss06*1, clubmeet06*1, dinparty06*1, enthome06*1, lookdiff06*(-2), oldfash06*1).

compute SpxMTexhib22nn = mean.5(POPROCK06*1, DRESS06*1, LOOKDIFF06*1, home06*(-1), clothes06*1, goodphys06*1, beerbar06*1, camping06*(-1), oldfash06*(-1), visart06*1).

compute SpxMTglam22nn = mean.6(POPROCK06*1, LOOKDIFF06*1, VISART06*1, home06*(-1), clothes06*2, oldfash06*(-2), bigcity06*1, bowling06*(-1), camping06*(-1), church06*(-1), dinparty06*1, dress06*2).

compute SpxMTtrans22nn = mean.12(POPROCK06*1, LOOKDIFF06*2, CLASSIC06*(-2), DRESS06*(-2), CHURCH06*(-2), GOLF06*(-1), BOSS06*(-1), BUYAMER06*(-1), livemarr06*1, oldfash06*(-2), routine06*(-2), tryonce06*1, bowling06*(-1), changing06*(-1), fambreak06*(-1), govtv06*(-2), home06*(-1), police06*(-2), routdist06*(-1), sametown06*(-1), smoking06*(-2), visdiff06*1, workhard06*(-1)).

compute SpxMTratio22nn = mean.9(LECTURE06*1, WOMENLIB06*2, DRESS06*(-1), CHURCH06*(-1), BOSS06*(-2), POPROCK06*(-1), LOOKDIFF06*(-1), WOMPLACE06*(-2), book06*1, drink06*(-1), publib06*1, beerbar06*(-1), buyamer06*(-1), mensmart06*(-2), pollut06*1, recycle06*1, sporting06*(-1)).

compute 

SpxMTlocal22nn = mean.7(CAMPING06*1, CHURCH06*1, FISHING06*1, INFLUENT06*2, commproj06*1, sametown06*2, willmove06*(-1), abroadim06*1, bigcomps06*1, buyamer06*1, fambreak06*1, picnic06*1, skiing06*1, softball06*1).

compute 

SpxMTstate22nn = mean.3(buyamer06*2, abroadim06*1, govtv06*2, police06*2, smoking06*1, unions06*1).

compute SpxMTcorpo22nn = mean.8(BUYAMER06*1, GOLF06*1, VOLUNT06*(-1), CAMPING06*(-1), POLLUT06*(-1), abroadim06*(-1), bigcomps06*(-2), unions06*2, classic06*(-1), govtv06*(-1), latework06*1, leader06*1, lookdiff06*(-1), picnic06*(-1), poprock06*1).

EXECUTE.

Bliss Points
Bliss points offer a way to compare the scene in any given location to ideal-typical scenes profiles.  Bliss points are a measure of distance from the ideal type.  (Does this mean a higher bliss point is a greater distance?  Or a stronger match?  Not sure offhand.)  Did bliss points come from BIZZIP or YP?
Below, the bliss points are defined.  Search the codebook for bliss points, or see the list of variables at the end of this file.  NOTE:  Bliss points exist in MergeB-27a, but have not been completely verified as “clean”.  This will be done soon, but they’re probably usable.

Disney Heaven: sanitary, traditional themes in the presentation, safe for children, low on crime, pornography, prostitution, and homelessness. These themes suffused the debates on Times Square when Disney acquired property there a few years back. Disney asked the police to move out some of the disreputable. It coincided with Mayor Giuliani’s endorsement of James Q. Wilson’s broken windows theory of Crime Scenes: homeless, beggars, windshield squeegees, and drunks define an area as dangerous and signal tolerance of this behavior by local citizens and the police. This in turn encourages more crime. Measures: low crime rates, low poverty, socio-economic homogeneity, middle class (not too high or low).  The rhetoric bubbled into labels like Nerdistans, Kotkin’s suburban moniker. Think of family restaurants, smiling waiters, and Disney-esque staff who whisk away problems like dust. Buildings are clean and freshly painted, albeit bland. Those that are grander reflect the dreamy Hollywood vision of a European castle with smiling residents, rather than the Grimm Brothers tales or the scheming castle intrigues of Eisenstein’s Hamlet.

Baudelaire’s River Styx: Walter Benjamin’s hero, Baudelaire is the archetypical Parisian benchmark to “epater les bourgeois,” by elevating the shocking, sensual, and improper (Baudelaire 1995; Baudelaire 1993). Benjamin’s volumes (Benjamin, 1999), the Surrealist manifestos which he sought to emulate, and many later artworks calculated to shock carry on the on the grand bohemian tradition (see the review of bohemian studies in Lloyd 2006: esp. 47ff). Indeed such bohemianism is mainstream for many if not most artists and art schools. Clearly not all artists are bohemians, and some bohemians blend with bourgeois, see below on Bobo Scenes. Indicators of the more hard core: avant-garde art galleries, Beat poetry cafes, high circulation of critical magazines, brothels, gentlemen’s clubs, tattoo parlors, message salons, high crime rates, esp. for drugs, prostitution, percent gay residents, percent homeless, some hard core artistic occupations? 

The Samurais’ Licensed Quarters: To pacify politically dangerous warriors, centuries back Japanese political leaders decreed “licensed quarters” where Samurai could drink, carouse, gamble, and enjoy Kabuki theater (which replaced female actresses with all male actors after the women were carried off the stage by the enthusiastic Samurai). Ukiyo-E’s classic woodcuts depict related scenes, which inspired Impressionists, like Toulouse- Lautrec and Van Gough. Today in large Japanese cities highly demarcated neighborhoods resemble western “red light districts,” where indulgent styles of dress, behavior, and entertainment contrast sharply with nearby neighborhoods. Geographic concentration measures are thus critical here to capture the close proximity of mutually reinforcing restaurants, bars, night clubs, massage parlors, tattoo shops, lingerie shops, and gambling establishments. The dense concentration is also critical in that it can implies a “hands off” policy by local police, who may arrest persons for drinking or drugs a few blocks outside the area.  See Keene (e.g. 2003), Eisenstadt  (1995), et al.
Renoir’s Loge (Theater Box): Pretty people define the scene. If we generalize, this should include street crowds and more, which clearly seems important, but hard to measure with Census or other data we have found to date. The subtlety and sensitivity of defining beauty in clothes, hairstyle, and comportment is classic in television, Hollywood films, advertising, women’s magazines, and reactions against them--earlier by Puritans and more recently by feminists. We are surrounded with examples from media like Women’s Wear Daily or Vogue or Elle, etc. The more ethnographic studies of New York clubs and models (Currid 2006) or Chicago artists/waiters (Lloyd 2006) or airline hostesses who seek to convey a sincere smile (Hochschild 1983) convey some of the more subtle dynamics. The problems arise when one seeks to be semi-objective and to obtain quantitative comparisons across cities and neighborhoods. This has not prevented a flurry of recent papers on “the young and the restless,” which range from the anecdotal to the demographic. If one moves back to simplifying assumptions such as young, affluent, highly educated persons can choose where to go and live, and they are often unmarried, but interested in finding personal relationships. Then it is tends to follow they will value, pursue, and make efforts to enhance physical attractiveness. But for more mundane urban studies, simply having busy, colorful streets, with reasonable well dressed young persons is likely to be considered attractive by most observers. To go beyond this, one could use expert rankings. Some data on malls and retail sales might be another rough surrogate. Density is a standard basic item in quantitative urban work, stressed by Glaeser et al (2001) as facilitating dating, marriage markets, etc. Slightly better is the proportion of young, affluent, highly educated, single persons residing in a zip code, or the increase in their numbers in a city or area. This has led to case studies of Tampa Bay and New York (Currid 2006). 

LaLa Land Tinsel: The fluff, the icing on the cake, is the image here. Above and beyond the main event, like the good meal. The concept is close to Veblen’s conspicuous consumption or Bourdieu’s Distinction, illustrated by Louis XIV’s “superflu,” like Versailles fireworks or Marie Antoinette’s comments about eating cake, even when the poor are beating down the gates. Yet what precisely is “buzz”or “tinsel” or “slickness” that we can measure relatively simply? One way to proceed is by summing a wide range of amenities, perhaps weighted by quality. These may be more narrowly similar to those considered archetypical of Southern California (beaches, spacious homes,  large swimming pools, Ferrari dealerships, expensive golf courses, etc.) Or if we remind ourselves that what is tinsel depends on the eye of the beholder. Then the task shifts more to a call to classify different amenities into subgroups that match with distinct subcultures. More on how to do this follows. What are some dimensions of restaurant and nightlight culture, which may add tinsel? Restaurant reviews in the LA Times regularly comment on which film stars dined in restaurant X recently, how the chef of one has just gone to another restaurant to join his new gay partner, so don’t bother to eat at the old restaurant. Currid (2006) explores such themes in detail for New York club life, stressing who gets into different clubs, types of clothes, music, and how they vary by neighborhood and subgroup, usually more less bohemian, and who has to wait in line, who knows whom, and more in some detail. The Gary Gates/Richard Florida gay index is another broad measure that seeks to capture some of these dynamics. What about a Lexus Nexus search on restaurant reviews by locality, with keywords like “gay chef,” or other words describing the crowd. We might compute a ratio of the number of lines written about the people in the restaurant and other (tinsel-like) considerations divided by those about the food? Simpler would be just numbers and types and combinations of different amenities (like numbers or density of gay bars, bathhouses, tattoo parlors per restaurant or per young person.) 

Rossini’s Tour: Every self-respecting mid-sized and large city in Italy in the early nineteenth century sought to stage an opening night in their local theater, crowned by a newly-written Rossini opera, and, best, conducted by Rossini himself. He thus signed up with dozens, but classically came into town the night before and delivered the music so late that no one could check its originality before he was paid and left for the next location. Stendhal’s Vie de Rossini is a brilliant source of observation on the aesthetic components of such activities, starting from Rossi himself, but drawing on Stendhal’s continual search for related charismatic cultural materials. We rely on looser measures: “first run” cinemas, small theaters that specialize in original creations, art galleries that showcase emerging artists. 

Wagner’s Volk:  “Tragedy was therefore the entry of the artwork of the folk upon the public arena of political life…tragedy flourished as long as it was inspired by the spirit of the folk.” Who are das Volk? “the epitome of all those who feel a common and collective want”. Wagner wrote five volumes of aesthetics developing this theory before he started writing The Ring. The core ideas are identical to those of Max Weber, Durkheim, Talcott Parsons and others: basic values define criteria for excellence. Charisma is the degree to which a performer can articulate deeply held common values in a new, emotionally-charged manner. While The Ring combined precise admixtures of love, gold, violence, honor, marital fidelity in its Leitmotifs aiming toward a pan-Germanic national folk, when Hollywood and WFMT adapt “theme music” or to introduce their shows, they more often target subcultures, as in Elazar. Two contrasts. LA youths of the past would make the scene in their convertibles on Saturday night, and demonstrate their prowess by racing two cars. This is a ritual offering to the totem of individualistic macho. It contrasts with the Mexican (Catholic, more collectivist) gangs of LA and other locations, whose rumbles are collectivist rituals to a less individualistic totem. What happens after the Mexican kids get their cars? Do they weaken their ties to the collective? Daniel Bell suggested that the Model T helped undermine small town middle class morality and reinforce the individualism (or the coupleism) of the young, esp. young women (in post-industrial society, right?). 

Brooks’ Bobos: Bohemian and Bourgeois combine in Brook’s Bobos in Paradise amalgam (Brooks, 2000), quintessentially illustrated by latte towns like Burlington, VT where latte spots offer poetry and anti-establishment politics, which attract bearded professors with worn knapsacks riding old bikes. Richard Florida draws heavily on Brooks (see assessment and critique in Clark, 2003, ch. 2). Brook’s argument is that the style has generalized nationally, and makes some cities take off and be creative, attracting more non-artists, like long-haired stock brokers, etc.  Wicker Park, documented in Lloyd, 2006, broadly fits this account. Localities can be characterized as fitting this scene in terms of values of citizens based on 600 DDB items, like how often do you “go skiing” and other lifestyle items, Active New Social Movements from FAUI survey (women, gays, lesbians, environmentalists, per cent unmarried couples living together, various arts-related creative occupations. 

Black is Beautiful: Some observe that low-status black areas are defined by storefront churches and liquor stores that swamp other institutions. This is the image that the Joyce Foundation seeks to change by targeting a Chicago neighborhood. The historical context generating these profiles for Greater Bronzeville (like Newark, Oakland, Detroit, etc.), which lost most of their clubs, groceries, department stores, and other “middle class” amenities after the 1968 riots is explored in Lizabeth Cohen’s A Consumer’s Republic (Cohen, 2003). Do these locations attract more low-income black residents? Oakland, Gary, and Detroit grew, but what were the carrots? Try a website with black-sensitive urban indicators? 

Exoticism: Foreign is chic. The simple version might be an index that sums foreign restaurants X foreign art X foreign films X foreign bookstores X foreign people as local residents. This may suffice to add spice for a person from a small homogeneous town. But in a bigger location, it is not enough. This index would put a Korea Town at the top, which is internally homogeneous, and thus not exotic to its residents. Cultural/aesthetic diversity extends the exotic idea by adding juxtaposition of nearby activities and people. See below.

Cool Cosmopolitanism: Globalization heightens the appeal of juxtaposing multiple conflicting aesthetic criteria, like Tibetan female Buddhist monks chanting against electronic rock with ever more mixing in the studio. Interviews with composers of such music are regular features on NPR in recent years. Their CDs are hot. B. Brecht’s Theater of Alienation launched this aesthetic with a political message: alienate the audience, so he added signs and more on stage. Peter Brooks applied this to Shakespeare by adding a dozen pixies who threw paper airplanes at each other while the lovers spoke their lines in A Midsummer’s Night Dream, thus distancing the audience from any one scene but creating multiple, overlapping scenes competing for the eyes’ attention. Ideally these should complement each other, like Wagnerian sub themes and orchestration. Susan Sontag’s “Notes on Camp”  (Sontag, 1966) is a more aesthetic version of Brecht’s political statement. Camp is a playful, alienated denial of the authenticity which David Grazian has stressed (Grazian, 2003). Goffman’s Frame Analysis is written in the same spirit of this transformational logic, and enjoying or lamenting the transformed results  (Goffman, 1974). So is Claude Levi-Strauss, Structural Anthropology (Levi-Strauss, C., 1983). Other illustrations: Susan Sontag for Manhattan examples, or in Midwest-populist garb, Garrison Keilor, whose Guy Noir is a Minneapolis take-off on local mannerisms in classic British detective stories. Urban indicators: differentiation in all our amenity areas. But also the obverse of the homogeneity ideal of many of the above (Disney, Samurai). Cool cosmopolitanism should appeal more to higher educated, upscale audiences and migrants, DINKs and singles, 20-40 year olds.  

Urbanity: a city or metro area that combines many of the above is more appealing to those omnivores who want to fish in the morning, lunch with sushi, beach in the afternoon, dine Moroccan, dance to Michael Jackson, rave all night, then repent at a Pentecostal meeting next morning. The more all the subcultures that a single omnivore might explore, the more attractive the locale: big population size, high density, rapid transportation, socio-economic and culture diversity on all the above indicators—with the hypothesis that their combined (linear additive or multiplicative) effects should make folks say they won’t go back to the farm after they’ve tasted Paree. 

 NASCAR Country, or George Strait’s Picnic: Country music singer George Strait gives voice to a demographic majority that sees itself as an oppressed cultural minority: “I miss picnics and blue jeans and buckets of beer/Now it's ballet and symphony hall./I'm into culture, clean up to my ears/It's like wearing a shoe that's too small.”  “Culture” is a shoe that doesn’t quite fit this group – and that “not fitting” is the experience around which this culture defines itself. Directed against the twin pincers of Hollywood on the West and New York on the East (in a cultural mindscape, at least), a kind of oppositional culture of big cars, God, loud cars, American history, fast cars, flea markets, open spaces, classic rock, and baby Jesus has arisen.  Whatever counts as sophisticated culture, these people don’t want it.  Some potential indicators: high percentage white, born in the USA, poor, manufacturing sector, small businesses, country music, enjoy NASCAR, politically conservative, religious (high percentage evangelical?), historical reenactors, flea markets, low density, geographic indicators less important, number of hunting/fishing permits issued/ used per capita, high percentage of local aggregate income spent at Wal-mart, 4WD and Snowmobile sales.  See also David Brooks’ “Paradise Drive” (Brooks, 2004).tex
Factor Analysis of Scenes Dimensions

It may be desireable, in some instances, to use factor scores created from the 15 subdimensions in our models, as a way of testing or controlling for general scene effects (as opposed to specific subdimensions).

It is possible to create factor scores from each of our three data sources (bizzip, yellow pages, DDB), as well as from all of them combined.  The following factor scores have been created:

DDB_FactorScore

YP_FactorScore

BZ_FactorScore

BZ_FactorScore_Flip (sign made positive for easier interpretation)

factor1_mult (computed by multiplying together all dimensions from each source, then taking first factor of the resulting three scores)

factor1_mult_flip (Same as previous, but sign made positive for ease of interpretation.)

Correlations of Factor Scores
The intercorrelation of the different factor scores is fairly low.

	
	DDB_FactorScore
	YP_FactorScore
	BZ_FactorScore_Flip
	factor1_mult_flip

	DDB_FactorScore
	-
	0.182**
	0.130**
	0.217**

	YP_FactorScore
	0.182**
	-
	0.294**
	0.105**

	BZ_FactorScore_Flip
	0.130**
	0.294**
	-
	0.125**

	factor1_mult_flip
	0.217**
	0.105**
	0.125**
	-


It might be possible or interesting to work with multiple scores.  Generally, the YP_FactorScore variable is probably the better choice for controlling for commercial and cultural amenity-driven scenes (place), while the DDB_FactorScore may be useful to get at the behavioral/attitudinal scene.

While the intercorrelations are low, the loadings of the scenes dimensions on factor scores follow a generally consistent and intuitive pattern:
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(Subdimensions were correlated with the factor extracted only from THAT source.)

Codebook for Scenes Variables

This section is intended to orient users to the scenes dimension data available in our current dataset.  For more in-depth information, however, please consult the complete codebook, which is maintained online: http://spreadsheets.google.com/ccc?key=pJMP-CdHd-bK_qC51BmtaLg 
Basic Performance Scores
These are the performance scores in their most basic form, from each of the three sources.  DO NOT simply use these variables without scanning the rest of these sections.  You will often want to use other versions of these items.

Note:  Bizzip scores have a NEGATIVE sign in the dataset, which you need to be aware of to correctly interpret correlations and regression results.  For ease of use, I have created a set of sign-reversed bizzip scores, but ONLY for the standardized, imputed version.  See further below for this list of variables.
	DIMENSION
	BIZZIP
	YellowPages
	DDB

	Traditionalism
	BZ01TradPerf
	YPTradPerf
	SpxMTtrad22nn_mean

	Self-Expression
	BZ01SEPerf
	YPSEPerf
	SpxMTse22nn_mean

	Egalitarianism
	BZ01EgalPerf
	YPEgalPerf
	SpxMTegal22nn_mean

	Utilitarianism
	BZ01UtilPerf
	YPUtilPerf
	SpxMTutil22nn_mean

	Charismatic
	BZ01CharPerf
	YPCharPerf
	SpxMTchar22nn_mean

	Neighborliness
	BZ01NeighPerf
	YPNeighPerf
	SpxMTneigh22nn_mean

	Formality
	BZ01FormPerf
	YPFormPerf
	SpxMTform22nn_mean

	Exhibitionism
	BZ01ExhiPerf
	YPExhiPerf
	SpxMTexhib22nn_mean

	Glamour
	BZ01GlamPerf
	YPGlamPerf
	SpxMTglam22nn_mean

	Transgressive
	BZ01TransPerf
	YPTransPerf
	SpxMTtrans22nn_mean

	Rational
	BZ01RatPerf
	YPRatPerf
	SpxMTratio22nn_mean

	Localism
	BZ01LocalPerf
	YPLocalPerf
	SpxMTlocal22nn_mean

	Statism
	BZ01StatePerf
	YPStatePerf
	SpxMTstate22nn_mean

	Corporatism
	BZ01CorpPerf
	YPCorpPerf
	SpxMTcorpo22nn_mean

	Ethnic
	BZ01EthnPerf
	YPEthnPerf
	 - 


County-level BIZZIP and YellowPages scores are also included.  Simply append “_cty” to the names listed above to find those.

Imputed Performance Scores
For some areas, limited or no data are available to create scores.  While in some cases this may indicate problems with our data, we are confident that more often, a lack of data indicates a lack of amenities.  For this reason, a second set of performance scores were created with a neutral score imputed to all missing cases.  (0 for DDB; 2.99 for BIZZIP and YellowPages.)

	DIMENSION
	BIZZIP
	YellowPages
	DDB

	Traditionalism
	BZ01TradPerf_impu
	YPTradPerf_impu
	SpxMTtrad22nn_mean_impu

	Self-Expression
	BZ01SEPerf_impu
	YPSEPerf_impu
	SpxMTse22nn_mean_impu

	Egalitarianism
	BZ01EgalPerf_impu
	YPEgalPerf_impu
	SpxMTegal22nn_mean_impu

	Utilitarianism
	BZ01UtilPerf_impu
	YPUtilPerf_impu
	SpxMTutil22nn_mean_impu

	Charismatic
	BZ01CharPerf_impu
	YPCharPerf_impu
	SpxMTchar22nn_mean_impu

	Neighborliness
	BZ01NeighPerf_impu
	YPNeighPerf_impu
	SpxMTneigh22nn_mean_impu

	Formality
	BZ01FormPerf_impu
	YPFormPerf_impu
	SpxMTform22nn_mean_impu

	Exhibitionism
	BZ01ExhiPerf_impu
	YPExhiPerf_impu
	SpxMTexhib22nn_mean_impu

	Glamour
	BZ01GlamPerf_impu
	YPGlamPerf_impu
	SpxMTglam22nn_mean_impu

	Transgressive
	BZ01TransPerf_impu
	YPTransPerf_impu
	SpxMTtrans22nn_mean_impu

	Rational
	BZ01RatPerf_impu
	YPRatPerf_impu
	SpxMTratio22nn_mean_impu

	Localism
	BZ01LocalPerf_impu
	YPLocalPerf_impu
	SpxMTlocal22nn_mean_impu

	Statism
	BZ01StatePerf_impu
	YPStatePerf_impu
	SpxMTstate22nn_mean_impu

	Corporatism
	BZ01CorpPerf_impu
	YPCorpPerf_impu
	SpxMTcorpo22nn_mean_impu

	Ethnic
	BZ01EthnPerf_impu
	YPEthnPerf_impu
	 - 


Imputed scores were also created for the county-level BIZZIP and YellowPages variables.  Those variables end in “_cty_impu”.
Standardized Performance Scores
Standardized z-scores were also created for all dimensions and sources.  Unless you have a specific reason to do otherwise, use these!
	DIMENSION
	BIZZIP
	YellowPages
	DDB

	Traditionalism
	ZBZ01TradPerf_impu
	ZYPTradPerf_impu
	ZSpxMTtrad22nn_mean_impu

	Self-Expression
	ZBZ01SEPerf_impu
	ZYPSEPerf_impu
	ZSpxMTse22nn_mean_impu

	Egalitarianism
	ZBZ01EgalPerf_impu
	ZYPEgalPerf_impu
	ZSpxMTegal22nn_mean_impu

	Utilitarianism
	ZBZ01UtilPerf_impu
	ZYPUtilPerf_impu
	ZSpxMTutil22nn_mean_impu

	Charismatic
	ZBZ01CharPerf_impu
	ZYPCharPerf_impu
	ZSpxMTchar22nn_mean_impu

	Neighborliness
	ZBZ01NeighPerf_impu
	ZYPNeighPerf_impu
	ZSpxMTneigh22nn_mean_impu

	Formality
	ZBZ01FormPerf_impu
	ZYPFormPerf_impu
	ZSpxMTform22nn_mean_impu

	Exhibitionism
	ZBZ01ExhiPerf_impu
	ZYPExhiPerf_impu
	ZSpxMTexhib22nn_mean_impu

	Glamour
	ZBZ01GlamPerf_impu
	ZYPGlamPerf_impu
	ZSpxMTglam22nn_mean_impu

	Transgressive
	ZBZ01TransPerf_impu
	ZYPTransPerf_impu
	ZSpxMTtrans22nn_mean_impu

	Rational
	ZBZ01RatPerf_impu
	ZYPRatPerf_impu
	ZSpxMTratio22nn_mean_impu

	Localism
	ZBZ01LocalPerf_impu
	ZYPLocalPerf_impu
	ZSpxMTlocal22nn_mean_impu

	Statism
	ZBZ01StatePerf_impu
	ZYPStatePerf_impu
	ZSpxMTstate22nn_mean_impu

	Corporatism
	ZBZ01CorpPerf_impu
	ZYPCorpPerf_impu
	ZSpxMTcorpo22nn_mean_impu

	Ethnic
	ZBZ01EthnPerf_impu
	ZYPEthnPerf_impu
	 - 


Z-scores were also created for county-level BIZZIP and YellowPages variables.  These all begin in “Z” and end in “_cty_impu”, following the obvious pattern.

Sign-reversed Standardized Imputed Bizzip Scores
As noted above, for ease of interpretation, you may wish to use these sign-reversed bizzip scores.  They were computed from the imputed, standardized version listed immediately above.

	DIMENSION
	BIZZIP – imputed, standardized, sign reversed

	Traditionalism
	PZBZ01TradPerf_impu

	Self-Expression
	PZBZ01SEPerf_impu

	Egalitarianism
	PZBZ01EgalPerf_impu

	Utilitarianism
	PZBZ01UtilPerf_impu

	Charismatic
	PZBZ01CharPerf_impu

	Neighborliness
	PZBZ01NeighPerf_impu

	Formality
	PZBZ01FormPerf_impu

	Exhibitionism
	PZBZ01ExhiPerf_impu

	Glamour
	PZBZ01GlamPerf_impu

	Transgressive
	PZBZ01TransPerf_impu

	Rational
	PZBZ01RatPerf_impu

	Localism
	PZBZ01LocalPerf_impu

	Statism
	PZBZ01StatePerf_impu

	Corporatism
	PZBZ01CorpPerf_impu

	Ethnic
	PZBZ01EthnPerf_impu


Factor Scores
The following factor scores are available for analysis, as discussed above.

	DDB_FactorScore
	from DDB

	YP_FactorScore
	from Yellow Pages

	BZ_FactorScore_Flip
	from Bizzip, sign reversed for interpretation

	factor1_mult_flip
	from all sources, sign reversed for interpretation


Historic Sites’ Traditionalism Intensity Score





� EMBED Equation.3  ���





Traditionalism


Performance Score





Total number of Amenities which have scene profiles.





Number of Historic Sites.





Number of Human Rights Organizations





Human Rights Organization’s Traditionalism Score





Human Rights Organizations’ Traditionalism Intensity Score





Historic Site’s Traditionalism Score








� The stability of our Performance Scores over time is surprisingly high.  While historical differences in coding practices by the Census Bureau only allow us to examine amenities data from 1998 on, a thorough comparison of Performance Scores using 1998 and 2004 Economic Census data revealed that our 15 sub-dimensional measures varied less than 5% over this six year period.  It is because of this fact that we feel comfortable in cautiously using our 2001 measures for analyzing all seven elections in question.  


� In large part, we are thinking of Granovetter’s phenomenon of the strength of weak ties within the socio-economic realm.  Specifically, we expect that the ability to find employment as well as suitable housing depends in some part on social ties which are geographically indiscriminate.  


� Just as combinations of red, blue and green or sweet, sour and salty produce different colors and tastes, we assume that different combinations of Legitimacies, Theatricalities or Authenticities will produce unique kinds of scenes and thus unique kinds of experiences.


� While we determined the scene profile for each amenity using a relatively small sample of individuals, we do have plans to scale this process up in order to increase our confidence in these values.  As it was, reported values did not varied little among our respondents.  


� The Intensity Score is the unweighted affect the presence of that a particular kind of amenity has on a location.  While we do not presently make analytic use of Intensity Scores, we consider them more than just an intermediate step on the way to computing performance scores.  In particular, they allow for the possibility of discerning which amenities are the major drivers of particular sub-dimensions (i.e. we can tell the difference between an overwhelming number of slightly traditional amenities versus a small number of extremely traditional amenities). 
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